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Dynamic Resource Allocation and Adaptability in Teamwork

Steve W. J. Kozlowski, Richard P. DeShon,
Guihyun Park, Paul Curran, Goran Kuljanin, and Brady Firth

Background, Research Objectives, and Approach

Problem Background

Team performance and adaptability. A team is a set of two or more people who interact, dynamically,
interdependently, and adaptively toward a common and valued goal, each having specific roles or functions to
perform, and a limited life-span of membership (Salas, Dickinson, Converse, & Tannenbaum, 1992). We
assume that all cognition originates within the individual. Therefore, to understand adaptive team processes it
is important to understand the ways in which being a team member affects individual cognitive processes. We
also assume that unique collective constructs and processes emerge at the team level from the dynamic
interaction of team members that do not exist at the individual level of analysis, despite arising from individual
cognition (Kozlowski & Bell, 2003; Kozlowski & Klein, 2000). Finally, we focus on interdependent tasks in
which team performance is a weighted function of actions taken by team members to accomplish both
individual and team goals (Shiflett, 1979; Steiner, 1972).

Many critical command, control, and communication activities are accomplished by individuals operating in
teams and interacting via complex, computer-mediated systems. These dynamic decision making task
environments place high demands on operator skills and capabilities. Such tasks are dynamic, ambiguous,
and emergent. They necessitate rapid situation assessment, prioritization, and strategy implementation. And,
they require that individuals and teams adapt their performance as the situation shifts and unfolds—often
unexpectedly. A key factor underlying this dynamic process of assessment, prioritization, and adaptability
rests on the capability of individuals to appropriately allocate limited cognitive and behavioral resources to
accomplish multiple goals that contribute to effective individual and team performance, and to shift their
resource allocations to meet dynamic task demands. This task structure is consistent with Steiner's (1972)
most general type of team task (i.e., a discretionary task), in which team members have latitude in terms of
how and how much of their personal resources they allocate to accomplish team performance (Shiflett, 1979).
Such teams require each member to assume individual goals, but to also coordinate effort and provide
assistance to other team members to meet distinct team objectives. That is, it is the responsibility of individual
team members to make resource allocation decisions that contribute to the team, such as choosing to
coordinate collective effort, back-up a teammate, or aid a teammate in resolving a problem. The degree to
which members allocate attention and effort across both individual and team goals is discretionary, but critical
to team performance.

Deciding how to best allocate limited cognitive and behavioral resources across the multiple goals is a
fundamental requirement that team members must continuously evaluate. Moreover, making good decisions
about allocating limited resources is critically dependent upon monitoring where one stands with respect to
the desired goal states and monitoring where one’s teammates stand. Investing limited resources toward the
achievement of individual goals may not represent a good decision if there are large discrepancies between
the team goal and actual team performance. Moreover, decisions as to which team members ought to shift
resources to the team goal will be more effective to the extent that individuals with the smallest individual goal
discrepancies make the shift. Therefore, dynamic monitoring of multiple goal states and discrepancies with
respect to current performance, and making good decisions as to team member resource allocation are
central to effective team regulation and resource allocation.

Theoretical foundation. Self-regulation theory is the dominant paradigm for research on the allocation of
attention and effort, and the initiation and control of action. Although there are several different models of self-
regulation, the models converge around key features of a process that sketches the paradigm. Individuals
regulate their attention and effort (i.e., allocate resources) around goals, monitor goal accomplishment via
feedback, and make adjustments in strategies and effort to reduce discrepancies between goals and current
performance. This approach has developed a broad base of empirical support as a general model of
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psychological processes that underlie human learning, motivation, and performance (e.g., Karoly, 1993;
Pintrich, 2003).

Virtually all of the research on self-regulation has focused on individuals striving to achieve single goals. Yet,
working in a team requires the dynamic regulation of individual cognitive and behavioral resources with
respect to multiple goals, both individual and team. This means that the critical process of how individuals
dynamically allocate their resources around multiple goals has been substantially neglected in the literature.
Moreover, the fact that individuals allocate attention and effort around multiple goals in the team context
means that regulatory processes in teams are multilevel. Yet, most research targeted at improving team
performance either focuses only on the individual level, ignoring the nesting of individuals within the team
context, or on the team level as a collective, ignoring the distinctive contributions of individuals to team
processes and outcomes. Our research has treated team regulation and performance as multilevel
phenomena that are modeled at both levels simultaneously. Our research program has developed and
empirically validated a multiple goal, multilevel model of individual and team regulation that integrates and
resolves these two critical gaps in the literature (DeShon et al., 2004).

We first developed a conceptualization of the influence of multiple goals--individual and team--on feedback
loops underlying the regulation of individual attention and allocation of behavioral resources. Figure 1
presents a model of how interdependent feedback loops result in the regulation of behavior with respect to
both individual and team goals. In this model, two feedback loops have distinct individual and team goals that
compete for control of the individuals’ behavior. The feedback loop for the individual goal monitors individual-
level discrepancies between current performance and goal states and activates behavioral outputs needed to
reduce the discrepancy. The team feedback loop operates similarly on the individuals' team goals to activate
behavioral outputs needed to reduce team-level discrepancies. The behavioral output from each of the
feedback loops affects the performance levels being regulated by the other feedback loop, such that reducing
discrepancies for one of the feedback loops will often result in increased discrepancies on the other feedback
loop. Finally, the initial characteristics of the situation and subsequent changes in the situation may result in
increased discrepancies or increased salience of discrepancies on one or both of the feedback loops. As a
result, initial aspects of the situation and changes in the situation may bias the control of behavior toward
reducing discrepancies at either the team or individual level.

Individual Team
Goal > Pea— Goal

A C ; Behavioral . A

| ompariso Choice Comparison| |

| N ] | :

I | | |

| L |

| Ly o |

Ind. Focused Output Team Focused Output

Feedbzx:k (effort, strategy) 7 (effort, strategy) F:zedba:;k

Team
Performance

Individual
Performance

Situational Factors
(relative salience)

Figure 1. A multiple goal model of self-regulation.
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Next, we extrapolated the dynamic self-regulatory implications of the multiple goal resource allocation model
to develop a multilevel model that captured regulatory processes at both the individual and team levels shown
in Figure 2 below. The essential characteristics required to validate a multilevel model are (a) that team-level
constructs, conceptually parallel to those at the individual level, satisfy statistical criteria to support
composition (i.e., aggregation) to the team level, and (b) that the linkages among parallel constructs at both
levels demonstrate functional equivalence via configural invariance (Kozlowski & Klein, 2000). In an
experimental design that examined 237 trainees organized into 79 teams of 3, DeShon et al. (2004) provided
empirical support for the multilevel model shown in Figure 2 and, indirectly, for the multiple goal model shown
in Figure 1. Of particular importance, the relative salience of either individual or team goal-feedback loops
was the primary factor driving team member resource allocations and, ultimately, both individual and team
performance.

In essence, our research demonstrated that the key regulatory processes responsible for individual resource
allocation, skill acquisition, and performance also substantially hold at the team level. Scientifically we
validated a homologous multilevel model which, to the best of our knowledge, has not been accomplished in
prior empirical work (DeShon et al.,2004).

Team-Regulatory Processes

~
Team Characteristics

Mastery Orientation Intentions Actions
Performance Orientation Team Goals Team Strategy
Team Goal Commitment Team-Focused Effort Team
\ Team-Efficacy Performance

rSituational Factors

Feedback
- Individual e oy I L S
- Team
- Both

= Self-Regulatory Processes

- Intentions Actions

Individual Characteristics Ind. Goals Ind. Strategy

Mastery Orientation Ind. Goal Commitment Self-Focused Effort Individual
Performance Orientation Self-Efficacy Performance

e

NOTE: Constructs above dashed line represent team-level constructs. Constructs below line represent individual-level constructs.
Figure 2. A multilevel model of self- and team-resource allocation and regulation.

Research Objectives and Approach

Objectives. The validation of this integrated model means that key aspects of team skill acquisition and
performance, those that originate and emerge from parallel individual-level self-regulatory processes, can be
effectively modeled in a multiple goal research paradigm where goals reference individual and team resource
allocation (or any other multiple goals that compete for resources). Having established a theoretical
foundation for the importance of individual-level multiple goal resource allocation to team learning and
performance, the next logical step is to focus more precisely on the dynamics of the regulation and resource
allocation process.

There are two primary research foci that have guided this effort. The first focus is intended to extend our prior
use of feedback to influence regulation by examining its impact on dynamic resource allocation and, in
particular, how feedback characteristics in combination with a meta-cognitive prime may enhance resource
allocation processes with effects on situation assessment, strategy selection, and performance adaptation. As
we noted in the introduction, resource allocation is a potential mechanism to account for adaptation to
unexpected environmental perturbations. Our prior research did not address performance adaptation, thus, it
is a logical extension of the research program. The second focus is intended to build a foundation for
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extending our research paradigm such that it can better unpack the dynamics of the resource allocation
process. Figure 1 illustrates the core resource allocation elements for the individual and team feedback loops:
goals serving as references standards, effort allocation toward the respective loops, performance conveyed
by feedback, and the comparison between the standard and current performance that yields a discrepancy
that influences behavioral choice influencing resource allocation toward the individual or the team loop.
Although our prior work extrapolated this heuristic process to posit the multilevel model that we validated, the
research did not directly examine the dynamic interplay among these core elements over time. We believe
that modeling these dynamics over time will yield important insights that will enable us to improve human
performance in complex task domains. In particular, this extension of our paradigm enables more precise
modeling of the limits and wide variance of human performance for dynamic resource allocation. This serves
as a basis for more accurate evaluation of experimental interventions designed to improve multiple goal
regulation and performance adaptation. These research foci are illustrated in Figure 3 below.

Research Foci

Team-Reguiatory Processes

Toam Charsctarintics
protarvives Intentions ‘Actions
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Toam Gowl Commament Toam et Toam
-
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Toam
-

Seit-Reguiatory Processes
Intantiona ‘Actione
Individual Characracistics nd o e Sy
Mnstery Orentaton nt Gowl Commimant Seb Focumd Efen v ]
Pvenancs

Patomunc s Onantamn prroes

subject seores by Trial |ENVIFONMENtal
Hoat Perturbation ‘

\ Adaptation

T T T ¥
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Payoff for the Air Force: Development of principles, tools, and techniques designed to optimize dynamic and adaptive
resource allocation in teams to yield maximum performance under shifting task contingencies.

[ Potential Applications: Simulation design, feedback systems, decision support, principles for training design. ]

Figure 3. Dynamic Resource Allocation Research Foci.

Approach. We first adapted our team radar-tracking simulation that was used in the prior funding cycle to
function as a generalized assignment task (e.g., Ross & Soland, 1975). As shown in Figure 4, TEAMSim is a
PC-based, radar tracking simulation based on a cognitive task analysis that can be configured to emulate
virtually any radar tracking task (e.g. AWACS; Kozlowski & DeShon, 2003). The simulation uses scripted
events that unfold in real time, providing a shifting and emergent situation that demands adaptability.
Individuals or three person teams are seated at simulated radar consoles that present multiple, dynamically
interacting contacts. contacts possess different characteristics and threat profiles, and exhibit different
patterns of movement. Participants (as individuals or interdependent teams) must make identification
decisions and then render an overall decision for the contacts. In addition, complex task relations embedded
in the scenario design necessitate shifts in task priorities and strategies, and in coordination requirements
among team members. TEAMSim provides trainees with a dynamic, self-contained, and completely novel
task environment that is appropriate for examination of complex skill acquisition and adaptation.
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Research Test Bed: TEAMSim

Team Event-Based Adaptive Multilevel Simulation

Kozlowski, S. W. J. & DeShon, R. P. (2004). A psy: gical fidelity approach to based training: Theory, research, and principles. In E. Salas, L
R. Elliott, S. G. Schflett, & M. D. Coovert (Eds.), Scaled worids: D P lidation, and ions (pp. 75-99). Burlington, VT: Ashgate Publishing

AWACSs Simulation based on a Cognitive Task Analysis

[High Psychological Fidelity / Low Physical Fidelity]

Figure 4. TEAMSim.

Our prior research configured TEAMSIim to emulate 3 person teams of AWACS Weapons Directors. In that
configuration, each team member had to dynamically allocate resources across the processing of individual
and team contacts. Costs were incurred by either choice. [f the individuals focused on team targets they
incured costs associated with failing to process the individual targets. If team members focused on individual
contacts they incured costs associated with failing to process team contacts. Performance could be
maximized only through the efficient and balanced processing of both individual and team contacts. For the
current research effort, we reconfigured TEAMSim to focus on individual resource allocation decisions that
occur in team contexts. Participants were told that they were part of a virtual team and that they had both
individual and team responsibilities; see Figure 5. By structuring the task in this way, we were able to focus
on individual resource allocation decisions that occur in team contexts without the additional complexities of
group dynamics.
L i

out

Figure 5. TEAMSim Display Showing Individual (Yellow Squares) and Team (Blue Circles) Contacts.
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Research Program Summary: Primary Studies

Feedback Cycle Time and Environmental Change:
Effects on Situation Assessment, Resource Allocation, and Adaptation

Individuals in a team work context have to continuously adapt their behaviors to maximize both individual and
team-level performance. As team members strive for both individual and team goals, they have a limited
amount of resources that are available at a given time. Thus, a choice must be made between two competing
demands. Motivation and performance in teams, therefore, involve a multilevel, multiple-goal process of
individual- and team-level regulation in which team members make decisions concerning the allocation of
personal resources toward individual and team goals (See Figure 1). Through this multiple goal regulatory
process, team members’ resource allocation decisions are continuously updated and evaluated in a way that
maximizes both individual and team performance. Therefore, successful adaptation in teamwork involves
effective management of multiple goal self-regulatory processes such as monitoring performance
discrepancies with respect to multiple goal states, and making appropriate resource allocation decisions.

In a self-regulation model for individual behaviors, feedback directs an individual's resource allocation
decisions by providing knowledge of performance discrepancies with respect to current goal states (Carver &
Scheier, 1998). In that sense, resource allocation as a dynamic process is regarded as one promising means
to enhance situation assessment and diagnosis, strategy adjustment, and adaptation when a task
environment shifts unexpectedly. What characteristics of feedback aid effective resource allocation? Although
there is a considerable literature on performance feedback which concludes that feedback is essential to
learning and performance, meta-analytic findings indicate that feedback has positive, null, and even negative
effects (Kluger & DeNisi, 1996). We theorize that these differential effects for feedback are due to how well
the feedback supports dynamic goal regulation and resource allocation.

In training settings, feedback or knowledge-of-results (KOR) is routinely provided after trainees have
interacted with a to-be-learned task. Although this instructional practice fits with a heuristic model of the self-
regulation process (i.e., goals set, goal striving behavior during practice, KOR and self-reflection on
performance-goal discrepancies, strategy and effort revisions, and iterate the cycle), it fails to account for the
dynamics of regulation and resource allocation. Indeed, we believe that this common form of feedback
provision slows and delays the self-regulatory process, impedes resource allocation, and inhibits adaptation.
One key inference from the multiple goal model is that the cycle time for feedback (i.e., the rate at which the
feedback loop updates goal-performance discrepancy information), should be commensurate with the rate of
change in the task environment. Such feedback should provide real-time updates to the regulatory loop,
thereby enhancing situation assessment and diagnosis, strategy adjustment, and adaptation when a task
environment shifts unexpectedly To the extent that feedback cycle time lags the rate at which task events —
and especially unexpected environmental shifts — unfold, self-regulation and goal accomplishment will be
impeded. Thus, we hypothesize that fast feedback updating that is commensurate with the task environment
will be more effective in supporting self-regulation and resource allocation relative to KOR provided at the end
of a practice episode. On the other hand, there is some very limited evidence which suggests that continuous
feedback may be so salient that it would interfere with regulation and would thereby inhibit effective resource
allocation (e.g., Chhokar & Wallin, 1984). Thus, it will also be important to evaluate the effects of fast
feedback updating on regulation, resource allocation, and adaptation relative to a slower feedback cycle time.

This experiment also investigated the effects of environmental change on adaptation, given different rates of
feedback cycle time and its effects on self-regulation and resource allocation. The literature on environmental
change contrasts two different and ubiquitous types of change: (a) gradual or incremental change that moves
off baseline for some period of time and then stabilizes as a new value or set of environmental relations and
(b) abrupt or metamorphic change that shifts discontinuously from baseline to a new value or set of
environmental relations (Tushman & Romanelli, 1985). Both types of change necessitate adaptation to the
new values or set of relations or performance will be impeded. However, of the two types of change, abrupt
shifts are likely to be more challenging because there is less time to detect and diagnose the change in
environmental values. In contrast, gradual shifts afford more opportunity to detect a change in environmental
values. Because the change is not constant, diagnosis may be difficult, but sufficient information to identify
the aspect of the environment that is problematic may be possible such that adaptation is enhanced once
change has concluded.
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Thus, we hypothesized that participants would be better able to detect and diagnose the environmental shift
under the gradual change condition relative to abrupt change and, as noted above, that feedback cycle time
would facilitate this resource allocation adaptation. Thus, our focus is on how well participants diagnosed the
environmental change via their feedback, adjusted their strategy, and adapted their resource allocation and
performance.

Method

Participants. This experiment collected data from 281 undergraduate students recruited from psychology
classes at a large mid-western university. Participants received extra-credit for their participation. Sixty-
seven percent of the sample was female, and eighty-three percent was Caucasian. The majority of
participants in the sample were between the ages of 18 and 22, with a mean of 20.

Procedure. Participants provided information on their ACT or GRE scores as measures of general cognitive
ability via an online questionnaire prior to scheduling a lab session.

Upon arrival at the lab, participants received a brief training (approximately 15 minutes) on the simulation. To
perform the simulation, participants had to hook contacts, query information about these contacts, and then
make decisions based on collected information. After training, participants were given a chance to review the
simulation manual for three minutes, and then perform in a four minute, unscored practice trial. Participants
then completed nine trials of the task, each lasting four minutes and five seconds. Each trial was preceded by
study time during which participants were given time (three minutes for the first three trials, one minute
thereafter) to study the task manual. Each trial was also followed by feedback. Participants were given
fifteen seconds to review their feedback for the previous trial. After receiving feedback participants also set
overall score goals for the upcoming trial. The entire series of trials took approximately two hours to complete.

Simulation scenarios were designed to prompt learning and resource allocation. The simulation required
participants to learn how to hook contacts, query information about these contacts, and then make decisions
based on the information cues. In addition, contacts were distinguished as individual and team types, along
with individual contacts belonging to the virtual teammate. Participants were instructed to only process those
contacts that were their responsibility as an individual and a member of the team (i.e. individual and team
contacts). This designation of contact type was signified visually via contact symbols; individual contact
symbols were yellow squares whereas team contacts were symbolized by blue circles. Contacts appeared on
the display in pairs that were distinguished as low and high priority via one of the information cues.
Participants were told that high priority contacts were worth more points (but they were not informed about the
point values). The display was also demarked by two perimeters, represented by concentric circles.
Participants lost points when high priority contacts penetrated the perimeters, and lost additional points for
every second a high priority contact remained unprocessed inside the perimeter.

Effective processing necessitated that participants monitor their entire airspace by zooming the range of their
display to monitor activity on both perimeters, query contact priority, and prevent high priority contacts from
penetrating the defensive perimeters. Note, however, that the strategies that would yield effective processing
were not constant across the experiment. During early scenarios, low priority contacts were worth positive
point values and so an effective strategy was to process ALL contacts as quickly as possible without
allocating resources differentially. However, after the environmental change low priority contacts assumed
negative point values. Thus, after the environmental change, differential resource allocation directed toward
high priority contacts was necessary for effectiveness.

Experimental Design. The design was a fully crossed 3 (Feedback Type) by 2 (Environmental Change) with
repeated measures across 9 trials. The first 3 trials constituted the skill acquisition phase, trials 4 to 6
constituted the change phase, and trials 7 through 9 constituted the adaptation phase.

Feedback Cycle Time Manipulation. Task events (contact pop-ups) occurred approximately every 10
seconds. Thus, fast and slow feedback cycle times were selected to bracket the rate of environmental events.
Participants received one of three different types of feedback on all contacts: Fast Cycle Time (feedback
scores updated every one second), Slow Cycle Time (feedback scores updated every 40 seconds), or End-of-
Round (control: standard knowledge of results [KOR] provided after the trial had concluded). Feedback was
displayed separately for team contacts and individual contacts.
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Fast cycle time was expected to enhance situation assessment (detection of environmental change), strategy
adjustment (a shift in relative resource allocation away from low priority contacts to more attention to
processing high priority contacts), and performance adaptation (performance maintenance or reduced
performance decrements) relative to end-of-round and slow cycle time. However, it was an open question as
to whether rapidly cycling feedback might be too salient, distracting, and disruptive of resource allocation.
Thus, the inclusion of the slow cycling condition.

Environmental Change Manipulation. Environmental change was induced by modifying the rules of the task,
specifically the points given for correctly processing low priority contacts. During training, participants were
instructed that high priority contacts were worth more points than low priority contacts. For the first three
trials, processing a high priority contact resulted in a gain of 200 points, while processing a low priority contact
resulted in a gain of 100 points. The value of high priority contacts was not altered, but the value of low
priority contacts was altered in one of two ways. In the abrupt change condition, participants continued to
receive 100 points for correctly processing low priority contacts through trials four, five, and six. However, the
task rules changed abruptly in the seventh trial (and persisted through the eighth and ninth trials) such that
processing low priority contacts (correct or incorrect) yielded -100 points. In the gradual change condition,
participants incrementally lost points for processing low priority contacts during trials four, five, and six such
that the point values were 50, 0, and -50, respectively. By trials seven, eight, and nine, participants received -
100 points (equivalent to the abrupt change condition).

We expected that participants would be better able to detect and diagnose the environmental shift under the
gradual change condition relative to abrupt change and, as noted above, that feedback cycle time would
facilitate this resource allocation adaptation in terms of how well participants diagnosed the environmental
change via their feedback, adjusted their strategy, and adapted their resource allocation and performance.

Measures

Cognitive Ability. Participants reported their ACT or SAT scores, which are proxy measures of general
cognitive ability. The cognitive ability measure was created by standardizing ACT and SAT scores based on
national norms. It was used as a covariate in all analyses.

Low Priority Contacts (LPC) Engaged. The number of LPC engaged was computed by summing the number
of LPCs participants processed in each trial. For each trial, the maximum number of LPC engaged was 30.
All participants were awarded 100 points for correctly processing LPCs in the first 3 trials. For participants in
the gradual change condition, correctly processing LPCs was worth 50, 0, and -50 in trials 4, 5, and 6,
respectively. For participants in the abrupt change condition, processing LPCs in trials 4, 5, and 6 remained
at 100 points. For all participants, correctly processing LPCs in the last 3 trials was worth -100 points. For
each trial and all participants, incorrectly processing LPCs was worth -100 points.

Total Priority Queries (TPQ). TPQ was computed by summing the number of times participants queried the
priority level of each contact.

Engage Ratio. The engage ratio was computed by dividing the number of LPCs processed by the number of
high priority contacts (HPC) processed for each trial (i.e., Engage Ratio = LPC/HPC). A smaller engage ratio
indicates a more effective resource allocation toward high priority contact processing.

Performance. The total score for each trial was computed by summing the points awarded for LPC and HPC.

For all participants and all trials, participants gained 200 points for correctly processing HPC and lost 200
points for incorrectly processing HPC. The points awarded for LPC was as described above.
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Key Findings

Repeated Measures Multivariate Analyses of Covariance Variance (RM-MANCOVA) were used to evaluate
the hypotheses. Experimental factors included: feedback cycle time (fast, slow, EOR) and environmental
change (gradual and abrupt). Because our interest is on resource allocation and adaptation, analyses only
examined differences for the last three trials, post-environmental change. Key dependent variables (DV)
included priority queries, low priority contacts (LPC) engaged, the ratio of low priority contacts engaged to
high priority contacts (HPC) engaged and performance (individual and team contacts) score. The number of
LPC engaged is indicative of situation assessment, that is, whether participants have diagnosed a shift in the
environment that makes processing of low priority contacts costly. Priority queries is indicative of selecting the
appropriate task strategy to enable differential resource allocation, that is, whether participants queried the
priority cue so as to distinguish types of contacts. The ratio of LPC/HPC represents relative resource
allocation such that lower values are indicative of more appropriate resource allocations to high priority
contact processing. Findings for these variables are discussed below.

DV: Number of Low Priority Contacts Engaged (Last 3 Trials). There is a main effect, F(1, 274) = 14.42, p <
.01, of environmental change (EC) such that those who experienced gradual environmental change (M =
14.81, SE = .78) engaged fewer low priority contacts than those who experienced abrupt environmental
change (M = 19.01, SE = .78). This indicates that those who experienced gradual change were able to
diagnose and adapt to the change better than those who experienced abrupt change, as processing low
priority targets is dysfunctional after the change for reasons outlined previously. Furthermore, there is a time
by feedback cycle time interaction, F(4, 548) = 2.45, p = .05, such that those who receive fast feedback
process fewer low priority contacts over time than those who receive only end of trial feedback, also
consistent with this interpretation. Both findings support our hypotheses. The interaction is illustrated in Figure
it

Feedback cycle time by time effect on LPCs (last 3 trials)
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